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] Overview

Concept: What if a LM could gradually accumulate knowledge through_repetitions
within limited contexts — like children?  OMethod Overview
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] Experiments/Analysis
Comparison with Official Baselines Training Orders & Repetition Strategies
Setup: Setup:

« We compare our model with GPT-2, GPT-BERT 1. Random: 10 epochs with the random data

« Model size is 117M, Qwen2.5 architecture 2. Curriculum: 10 epochs with the curriculum data

« A curriculum based on our original difficulty score 3. Curriculum-Repeat: the curriculum data
Result: No significant improvement s LCLECI Sl eEiee ORI ICT e’

4. Our Proposed Method

Model BLiMPT BLiMP-St WUG-ADIJT Text-Avg.t

I 730 410 m09  Result: Comparable but not better
GPT-2 74.9 63.3 50.2 54.7 Ana|ysis:
Ours(pil) B 204 575 328 /.., Our Proposed Method performs slightly better

Next TODO : Isolated batch learning breaks
the distributional assumption

— Batch Design? or Architecture Design?

Random performed best on BLIMP
@ @) |Curriculum performed best on WUG-ADJ
Curriculum-Repeat performed best on Entity

The BabyLM Challenge at The 2025 Conference on Empirical Methods in Natural Language Processing | 2025-11-08




